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EXACERBATION OF REPRESENTATION DISPARITY RESULTS UNDER THE FIXED fk(:E) MITIGATION FOR GENERAL DYNAMICS
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OBJECTIVES

Motivation: ML model may be less favor-
able to groups contributing less to training
process —> degrade population retention —>
exacerbate representation disparity

e Assume 3(6,, 0;) s.t. corresponding dynamics have stable fixed points.

tention), then

Goal:

+ What happens to the group representation
over time when fair ML models are used.

+ How it is atfected when underlying feature
distributions are also reshaped by decisions.
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MITIGATION WHEN 7 4(-) = v(Lp4(+))
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